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ABSTRACT 

The COVID-19 Pandemic of 2020 has accelerated the digitization of our lives, fueled by 

digital networks and smart technology. Artificial Intelligence (AI) is one of the key 

technologies that will be instrumental in Industry 4.0. This study aims to unearth the 

emotional perception of working professional towards AI and whether this emotional aspect 

influence their acceptance behaviour. Information System (IS) Research has traditionally 

approached technology acceptance from a deductive approach, attempting to quantify the 

erratic nature of human behaviour. The most established Technology Acceptance Model 

(TAM) by Davis (1989) is still to date applied to predict the user acceptance of new 

technological initiatives, whist the model is able to explain 40% of the variables.  

 

This study applied an inductive approach, by combining two separate inductive interview 

techniques into one, working with image-associations and guided imagination to unearth the 

deep-seated beliefs, thoughts, attitudes and feelings of working professionals across different 

industries and educational levels, reflecting a realistic working population. The results reveal 

that majority of the participants’ perception of Artificial Intelligence is influenced by popular 

media, of which Netflix is a significant source.  

 

Participants are both intrigued and excited by the idea of AI, but also fear the threat of 

assimilation or incompetence. Participants mitigated the negative emotions by using a more 

utilitarian stance, defusing the negative emotions of threat or feelings of assimilation. 

Without exception, all participants accept AI integration but all desire adequate information 

and communication and sustained guidance to support the transition into a new AI-

integration. Future avenues for research are also offered in this study. 
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1 INTRODUCTION 

Our lives are, whether we are aware of it or not, more and more permeated with intelligent 

technology: either unnoticed (embedded AI) in our daily digital tools such as Google Search, 

Gmail, LinkedIn or Grammarly, or adjusted (virtual AI) such as chatbots that help you 

navigate websites or even become your friend (Replika), or anthropomorphic (robotics), such 

as Pepper or Care-O-Bot providing care in the health sector (Glikson, 2020).  

 

The concept of Artificial Intelligence dates back to the 1950’s, when it was established as 

academic discipline. Turing (1950) proposed with the Turing test1 that machines are able to 

exhibit intelligent behaviour equivalent to, or indistinguishable from, that of a human. 

Turing’s work was both highly influential and widely criticized, and it has become an 

important concept in the philosophy of artificial intelligence (Russell & Norvig, 2009).  

The ambiguous nature of AI became a source of entertainment, speculation, and controversy 

in mainstream culture. For decades, Asimov’s highly popularized “Three Laws of Robotics” 

(Asimov, 1950) sparked the rise of countless movies, books, games and so forth. Influential 

examples of movies addressing self-aware and self-dictating intelligent robots are Terminator 

(1991), The Matrix (1999), Ex Machina (2014). 

 

In 2019, the Dutch government affirmed the economic and strategic potential of AI and 

published Strategic Action plan for Artificial Intelligence (Strategisch Actieplan voor 

 

1 The Turing test was originally called ‘The Imitation Game.’  (Turing 1950, p. 442) 
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Kunstmatige Intelligentie, 2019, hereafter SAIK), a public plan to accelerate the diffusion of 

AI across public and private sectors in The Netherlands, and falls in line with the overarching 

strategic AI plan of the European Union (Communication for Artificial Intelligence, 2018). 

The key objectives for the Dutch government to accelerate the adoption of AI are to remain 

economically viable, independent and to position The Netherlands as front runner in AI 

innovations and promoting a climate for AI-related research and innovation.  

 

One of the core pillars is to promote the diffusion of AI integration vertically; i.e., that the AI 

readiness moves beyond larger multinationals. Artificial Intelligence in Europe (2018), a 

study conducted by Ernst&Young, assessed the AI adoption in 277 major companies across 

several sectors and 15 countries in Europe. The report revealed that a majority (71%) of the 

participating companies recognize the strategic & economic potential of AI, especially in the 

areas of optimizing operations or engaging customers. Larger multinationals had more 

resources to experiment with the adoption of AI to augment & optimize their processes and 

services, but the small-medium-enterprises (SME) were lagging behind. In the day-to-day 

operations, only 4% of the surveyed companies indicated to have AI integrated in multiple 

facets of their organization. The remaining majority of the companies were still in the 

planning or piloting phase of their AI adoption. Due to the lagging pace of AI adoption, the 

NLAICoalitie (NLAI Coalition, 2021; SAIK, 2019) was conceived, acting as a liaison 

between the public and private sector, to stimulate AI innovations across multiple sectors in 

The Netherlands.  

 

Existing literature concerning AI adoption have predominantly focused on the organizational 

aspects of AI adoption in major companies and their top management teams (Davenport et al, 
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2018; Kaplan & Haenlein, 2019; Shrestha et al, 2019; Brock & Von Wangenheim, 2019). 

The perspective, cognition and behaviour of employees on the adoption of Artificial 

Intelligence in their professional domain, have received little attention.  

 

With AI-driven services, technologies and products rapidly growing and expanding across 

sectors, both in our personal- and professional lives and the Dutch government’s strong push 

to accelerate AI-innovations and adoption across the Netherlands, the research question came 

naturally into being:  

What is the emotional perception of working professionals towards Artificial 

Intelligence and how does this influence their acceptance and intent of use in their 

professional domain?  

 

To answer this research question, this study conducted 16 phenomenological interviews with 

working professionals from different industries and educational backgrounds. These 

interviews were set up to capture the deeper-held beliefs, ideas and thoughts the participants 

hold towards AI. This study contributes to the field of technology acceptance theories by 

investigating the role of emotions on behavior and within the context of an ambiguous 

technology that has been culturally embedded in mainstream media. By using an inductive 

approach, possible new determinants that could have escaped the rigidity of Likert scales and 

quantitative measures are given room to emerge. Insights can inform policy-makers shaping 

their adoption strategies more effectively. 
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2 LITERATURE REVIEW 

2.1 Technology Acceptance  

Information systems (IS) research on technology diffusion has long studied why and how 

users accept technology. Since the 1970’s, which marked the beginning of the Third 

Industrial Revolution (Vaydia et al, 2018), this has yielded a broad array of studies to explain 

the diffusion of technology and this has brought forth several streams, each focusing on a 

different perspective on how and when users accept a certain technology (Hillmer, 2009). 

Individual user acceptance is widely researched within the IS field, of which the Technology 

Acceptance Model (TAM) (Davis, 1989) construct has been very influential. The construct is 

based on the premise that Perceived Usefulness (PU) and Perceived Ease of Use (PEOU) are 

the main determinants in influencing the decision making of the user about how, and when 

they will use the technology. This model is an adaptation of the Theory of Reasoned Action 

(TRA, see Fig. 1) proposed by Fishbein and Ajzen (1975) to explain and predict the 

behaviours of people in a specific situation.  

 

Figure 1: Theory of Reasoned Action (TRA) by Fishbein and Ajzen (1975) 
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Figure 2: Technology Acceptance Model (Legris et al, 2003; Davis, 1989) 

One of the main critiques on TAM was that the determinant External Variables was not 

conclusive. Numerous studies using the TAM applied different variables, in different 

research settings (Legris et al, 2003). Therefore, which variables constitute ‘External 

Variables’ was yet indefinite. TAM was soon after reproposed by Davis by a new model, 

coined TAM2, to include subjective norms as extra determinant and tested with longitudinal 

research designs. Both TAM and TAM2 explain about 40% of systems’ use (Legris et al, 

2003), suggesting that significant factors are not included in the models.  

Venkatesh et al (2003) proposed an improved adaptation of the TAM models, by reviewing 

and integrating 8 theories on technology adaption and called it the Unified Theory of 

Acceptance and Use of Technology (UTAUT), thereby including determinants such as 

Performance expectancy, Effort expectancy, Social influence, Facilitating conditions and 

then moderated by Gender, Age, Experience, Voluntariness of use. However, the TAMs 

received mixed reviews during the 2003-2004, and also the authors themselves 

acknowledged that the current research approaches are probably reaching their limits in terms 

of explaining behavioural intention and technology usage. And they call for the identification 

of constructs that predict behaviour beyond what is already known through the UTAUT 

(Baron et al, 2006). 
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Vannooy & Palvia (2010) proposed with the Social Influence Model (SIM) a complementary 

construct, thereby emphasizing the social influence of technology adoption. This model 

explains how technology adoption works in a societal context, where users have free will of 

choice (of adopting) and don’t have to merely accept a certain technology, as opposed to the 

TAM Model. The authors argue that the social influence of peers is a strong determinant of 

influence in the adoption of technology. Another adjacent construct is social media adoption, 

proposed by Zolkepli & Kamarulzaman (2015), arguing that user adoption is significantly 

driven by three types of need category – personal (consisting of enjoyment and 

entertainment), social (consisting of social influence and interaction) and tension release 

(consisting of belongingness, companionship, playfulness). In turn, these needs are motivated 

by social media innovation characteristics (relative advantage, observability, compatibility) 

that increase the likelihood of the adoption. Whilst these studies makes important and unique 

contributions to the literature on user acceptance of technology, and propose new 

determinants such as the social dimension (Vannooy & Palvia, 2010) and human needs 

(Zolkepli & Kamarulzaman, 2015), they pose limitations in terms of type of research, 

research setting and the participants recruited for the studies. 

 

Qualitative scholars such as Baron et al (2006) argued that extant models insufficiently 

captured the intricacies of human behaviour when using technology. In their study of the 

technology acceptance of short messaging texts (SMS), they used reflective journaling and 

phenomenological interviews to capture the paradoxes in the use of technologies (Mick and 

Fournier, 1998), thereby attempting to explain what the quantitative models failed to explain.  

The concept of human paradoxes towards technology, proposed by Mick and Fournier in 

1998, has been relatively underexposed in the literature of technology adoption. These 
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authors proposed that consumers often have mixed feelings regarding technological products 

or services, meaning they experience opposite conditions simultaneously, for instance the 

same person may describe that technology can facilitate independence or fewer restrictions, 

but also that technology can lead to dependence or more restrictions. Mick and Fournier 

identified eight central paradoxes of technology products: Control/Chaos, 

Freedom/Enslavement, New/Obsolete, Competence/Incompetence, Efficiency/Inefficiency, 

Fulfils/Creates needs,  Assimilation/Isolation, Engaging/Disengaging. The authors also 

identified strategies through which customers cope with the paradoxes. The consumption 

confrontative coping strategies (accommodation, partnering and mastering) appear especially 

relevant to the degree to which consumers may accept technology-based services. Table 1 

elaborates on these constructs with examples.  
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Table 1: Central Paradoxes of Technological Products (Source: Mick and Fournier (1998, p.126)).  

Paradox Description 
Control/Chaos Technology can facilitate regulation or order, and technology can 

lead to upheaval or disorder 
 

Freedom/ 
Enslavement 

Technology can facilitate independence or fewer restrictions, and 
technology can lead to dependence or more restrictions 
 

New/Obsolete New technologies provide the user with the most recently developed 
benefits of scientific knowledge, and new technologies are already or 
soon to be outmoded as they reach the marketplace 
 

Competence/ 
Incompetence 

Technology can facilitate feelings of intelligence or efficacy, and 
technology can lead to feelings of ignorance or ineptitude 
 

Efficiency/ 
Inefficiency 

Technology can facilitate less effort or time spent in certain 
activities, and technology can lead to more effort or time in certain 
activities 
 

Fulfils/  
Creates needs 

Technology can facilitate the fulfillment of needs or desires, and 
technology can lead to the development or awareness of needs or 
desires previously unrealized 
 

Assimilation/ 
isolation 

Technology can facilitate human togetherness, and technology can 
lead to human separation 
 

Engaging/ 
disengaging 

Technology can facilitate involvement, flow, or activity, and 
technology can lead to disconnection, disruption, or passivity 
 

 

2.2 The role of emotion in behaviour 

Reason and emotion have long been considered opposing forces. However, recent 

psychological and neuroscientific research has revealed that emotion and cognition are 

closely intertwined. Cognitive processing is needed to elicit emotional responses. At the same 

time, emotional responses modulate and guide cognition to enable adaptive responses to the 

environment. Emotion determines how we perceive our world, organize our memory, and 

make important decisions (Brosch et al, 2013). Perception is defined as a process of one’s 

ultimate experience of the world and involves further processing of sensory input. Sensing 
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and perception are virtually impossible to separate, because they are part of one continuous 

process. Perception can be described as when a human processes sensory stimulation and 

translates this into organized experience. The world is full of stimuli that can attract our 

attention through various senses. In order to make sense of all the sensory input, sights, 

sound, smell and taste are systematically categorized and becomes our conscious experience. 

The five stages of how we perceive people and the processes that influence our perceptions 

are: stimulation, organization, interpretation-evaluation, memory and recall (Devito, 2009). 

According to Gestalt (….), as we perceive events, the brain actively selects, organizes and 

integrates sensory information to construct an event. 

 

Schneider & Sting (2020) identified with their study on the employees’ perspective on 

Industry 4.0, five cognitive frames that drives employees’ attitude towards Industry 4.0: 

Utilitarian, Functional, Anthropocentric, Playful, Traditional. In their study, participants 

expressed ambivalent attitudes towards change. The frames help to explain the ambivalence 

the participants expressed. With their interpretivist approach, the scholars unearthed deep-

seated ambivalent emotions, feelings and thoughts.  

This paper aims to uncover the role of emotional perception on behavior and then in 

particular in the context of nascent AI innovations. The emergent nature of AI opens up new 

research avenues to uncover more of the indefinite external variables that predict technology 

user acceptance and then in particular the attitude and feelings when a technology is 

surrounded with hype and ambiguity.  
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3 What is AI 

To resolve the ambiguity around AI (Brock & Von Wangenheim, 2019), a scoped definition 

of AI will be given and its prominence in media will be illustrated with some samples. 

 

3.1 Scoped definition 

Artificial intelligence (AI) is an umbrella term for various methodologies that are designed to 

provide computers with human-like abilities of hearing, seeing, reasoning and learning 

(Güngör, 2020). Established as an academic discipline in the 1950s, AI remained an area of 

relative scientific obscurity and limited practical interest for over half a century (Kaplan & 

Haenlein, 2019). AI uses external information obtained through IoT or other big data sources 

as an input for identifying underlying rules and patterns by relying on approaches from 

Machine Learning. Machine Learning (ML) is a subset of AI that provides systems with the 

ability to automatically learn and improve from experience without being explicitly 

programmed. It uses mathematical procedures (algorithms) to analyze data. The aim is to 

discover useful patterns (relationships or correlations) between different items of data. Once 

the relationships have been identified, these can be used to make inferences about the 

behaviour of new cases when they present themselves. In essence, this is analogous to the 

way people learn (Finlay, 2018). The process of learning begins with observations or data, 

such as examples, direct experience, or instruction, to look for patterns in data and make 

better decisions in the future based on the examples that are provided. This allows the 

computers to learn automatically without human intervention or assistance and adjust actions 

accordingly. The more data the algorithm gets to process, and thus to learn from, the more 
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accurate the model becomes. So, in essence, the advancement of Machine Learning thrives in 

our current era.  

 

3.2 Types of AI 

To gain deeper awareness about AI, it’s critical to note that the development of AI occurs in 

three streams: Artificial Narrow Intelligence (ANI), Artificial General Intelligence (AGI) and 

Artificial Super Intelligence (ASI). ANI refers to a computer’s ability to perform a single task 

extremely well, such as medical diagnosis through image processing, personalized film and 

book recommendations or smarter legal document retrieval (Alfonseca, 2021; Davenport, 

2018). This type of AI is the AI that is the most mature and ubiquitous in our lives. (Raj & 

Seamans, 2019; Alfonseca, 2021). AGI is when a computer program possesses equal human 

intelligence and can perform any intellectual task that a human could. There is still much 

debate whether existing experiments and pilot projects such as Sofia, a much-publicized 

social humanoid robot, developed by Hanson Robotics (Hanson Robotics, 2021) can be 

defined as Artificial General Intelligence. ASI2 is a hypothetical type of AI that possesses 

intelligence far surpassing that of the brightest human minds (Alfonseca, 2021). Recent 

advancements in Machine Learning has revived the discussion among scientist, philosophers 

and technologist about the potential risks entailed by such AI, and whether it’s possible to 

contain such AI. This question remains unresolved. Experts in the field would agree that ANI 

 

2 ASI was since its theoretical inception (Turin, 1950), rapidly embedded in our society as source of speculation, controversy 
and entertainment. For decades, Asimov’s highly popularized “Three Laws of Robotics” (Asimov, 1950) have represented the 
archetypical guidelines of containment strategies for potentially dangerous AI, and has sparked the rise of countless movies, 
books, games and so forth. 
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is most mature and still maturing, whether and how AGI and ASI will develop remains an 

open discussion (Kaplan & Haenlein, 2019; Jordan, 2019; Alfonseca, 2021). 

 

3.3 The prominence of AI 

The COVID-19 Pandemic of 2020 has accelerated the digitization of our lives, fueled by 

digital networks and smart technology. This digitization created an even larger upsurge of big 

data (How much data is created every day in 2020, 2021):  

• 1,7MB of data was created every second by every person during 2020.  

• 2.5 quintillion bytes of data were produced by humans every day.  

• Every day, 306,4 billion emails were sent and 500 million Tweets were made.  

• The forecast is that 463 exabytes of data will be generated each day by humans as of 

2025.  

These examples confirm the prevalence of big data and the consumption and creation of big 

data has seeped through many aspects of our lives. This explosive rise of big data, fueled by 

the improvement of the processing power of computers, the accessibility of open data, 

advancement is deep learning and artificial neural networks (ANN), the emergence of cloud 

services, spurred the resurgence of AI. The in 2017 released documentary AlphaGo 

(Alphago, 2017), documented a glimpse of the sudden stardom AI and it’s engineers 

experienced during the much-anticipated match between AlphaGo, the AI algorithm 

developed by Google’s Deepmind and South-Korean world champion in Go, Lee Sedol. 

AlphaGo won four sets out of five sets from Lee Sedol. Lee Sedol’s defeat was a surprise, 

given the traditional notion that Go is the most difficult board game in the world with 

combinations exceeding the atoms of the universe, and that it would take years to develop a 
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certain intuition to make the right moves and combinations (Wang et al, 2016). Not only 

South-Korea was drawn to this event, but media across the globe were also interested to 

witness the match between human and machine. The victory of AlphaGo over Lee Sedol, 

combined with the massive public interest sparked a new era of amplified interest and 

investments in AI and enabled a proliferation of start-ups innovating in AI. As of today, 

social media apps such as Facebook, Google Gmail, LinkedIn and Snapchat are driven by big 

data & AI. The Dutch government is strongly endorsing AI innovations to enforce the 

economic positon of the Netherlands. Despite the omnipresence of AI in almost every aspect 

of our professional and private lives, what AI exactly is, remains an ambiguity (Brock & Von 

Wangenheim, 2019). The interviews explored the perception of working professionals 

towards AI in a phenomenological setting, utilizing images association and guided 

imagination to unearth the perception of the participants, which happened to be multi-faceted, 

where cognition and emotion were intertwined and at times paradoxical. 
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4 EMPIRICAL SETTING & METHODOLOGY 

To gain a better understanding in the emotional perception of working professionals towards 

Artificial Intelligence, capturing the irrationalities and subtleties in human perception is vital, 

using a qualitative research approach, employing Gioia’s (2013) interpretivist-grounded- 

theory approach.  

 

4.1 Interview format 

Participants were interviewed in-depth and their thoughts, feelings, anxieties, associations 

and how they express themselves were captured as unbiased as possible. The eventual 

interview format is a blend inspired by two qualitative studies with in-depth research-

methodologies. The first one is the study by Schneider and Sting (2020), where they 

employed the Zaltman metaphor elicitation technique (ZMET), which is a semi-structured, 

in-depth interview-format guided by images and associations. By doing so, the authors 

uncovered deep-seated beliefs, values and attitudes of the participants towards Artificial 

Intelligence. The second study was conducted by Mick and Fournier (1998), where they 

employed a guided imagination exercise, aimed to uncover deep-seated paradoxical 

imaginations and associations towards consumer technology. Table 2 provides an overview 

of the structure of the interview. The intent was to let the interview flow naturally, but using 

the sections to guide the participant back to the research theme. Preliminary hypotheses and 

assumptions were avoided due to the emergent nature of AI. The interview structure was 

printed, so field notes could be captured during the interviews. 
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Table 2: Phenomenological blended interview format.  

Section Data Notes  
Start – 10 min 
 
To break the ice we will start 
with the 3 images the 
participants have collected. 
In this way, we dive right into 
the associations of the 
participants 

Expressions, sentences, 
Feelings, associations 
Sceneries. 
 
For every image I will ask 
further questions* to extract 
the deeper laid associations 
 
*Laddering/probing  
(Schneider & Sting, 2020) 

 
 

Guided association -10 min 
 
In this section I will ask the 
participants to finish one 
sentence as in: 

AI is….. 
 
Imagine that your supervisor 
comes to your department, 
and says: we are going to 
implement AI into the 
workflow. What are your 
first images/scenarios? 

 
 
 
 
 
 
 
 
 
 

Managerial Scenario 
10 min 

If this really happens, that the 
management says that AI 
will be implemented exactly 
as you envisioned. 
 
What are your next steps? 
What would you need? 
 

 

 
Closing - reflection 

  

 

4.2 Sampling 

The study intends to stay close to the expressions of a single participant, to uncover her 

thoughts and attitude towards Artificial Intelligence, and which factors could have shaped 

these thoughts and attitudes. It is thus the individual working professional that is the unit of  

analysis. Given the interpretive approach, the intent is to capture variability in employees’ 

perceptions towards Artificial Intelligence, and the aim to gather as many varied perspectives 
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as possible to understand why that variability exists (Gehman et al., 2017). The initial 

exploration was to recruit participants across several epistemic groups. The first angle was to 

approach recruits with various educational levels. This approach was quickly released, as it 

was very difficult to recruit participants with only high school education. A second 

exploration was to find participants across several industries, divided in non-tech, low-tech, 

medior-tech and high-tech. This division was also challenging to achieve given the time-line. 

With the third approach the division was simplified to find participants across two segments: 

large company (+ 250 employees) or Small Medium Enterprise (SME, less than 250 

employees), and then either in a managerial role or as employee, resulting dividing the 

participants across four clear dimensions.  

 

After this simplification, I reached out to my own personal network, reaching out to 

acquaintances with a variety of educational backgrounds, thereby also intentionally reaching 

out to acquaintances in an employee role, that could be possibly made redundant with the 

emergence of AI. Interestingly enough, it was exactly these recruits that never responded to 

the interview request. The following demographical data were captured: age, gender, nature 

of the business, size of the company. To make the research request as convenient as possible, 

recruits were approached by email, explaining the research intent and including a Calendly 

link, so that the recruits could schedule a time and date to their convenience. There was also 

an offer to explain the intent of the study by phone, should participants have additional 

questions. The interview was held via Zoom, adding the benefit to record the interview with 

consent, resulting in audio files and movie files of the interview, enhancing the data analysis 

process and increasing the reliability of the research. The privacy consent was shared via 

Google form. Table 3 provides an overview of the participants and their demographical data. 

Names are adjusted to account for anonymity. 
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Table 3: Overview of participants. Names of the participants are adjusted to account for anonymity.  

Parti-
cipant 

Name Age Occupation SME or 
LC* 

Gender  Duration 
interview 

1 Alison 33 UI Designer SME Female  40 min 
2 Mitchell 40 Researcher SME Male 19 min** 
3 Lenny 22 Social Media Executive  LC Female  35 min 
4 Esther 42 Owner grocery store SME Female 42 min 
5 Sandy 35 Communication specialist SME Female 44 min 
6 Laura 35 IT application manager LC Female  46 min 
7 Kiko 38 Engineer (electricity) LC Male 47 min 
8 Catharine 28 UI Designer SME Female 56 min 
9 Adam 33 Employee grocery store SME Male  31 min 
10 Rick 39 Business developer SME Male  39 min 
11 Jennifer 31 UI Designer LC Female 60 min 
12 Henry 45 Lead ML Scientist (Bank) LC Male  50 min 
13 Reddy 42 IT Solution Architect LC Male 32 min 
14 Casey 32 Recruiter  LC Female 36 min 
15 Diana 42 IT Information analyst LC Female 38 min 
16 Rob 44 BI analyst/ data scientist SME Male 60 min 

*Small Medium Enterprise (< 250 employees), Large Company (>250 employees). 
**Half of the interview was unfortunately not recorded, but notes were captured. 

  

4.3 Data collection 

The interviews were organized in four sections. When the recruits agreed to participate in the 

study, they were asked to collect three images they associate with AI and send that 

beforehand through email. Discussing these images served as ice-breaker, easing the 

participant into the subject and more importantly; to grasp their engagement level towards AI 

and which factors possibly shaped their perception towards AI. The power of working with 

images is that humans tend to think in images rather than words and use metaphors to 

interpret the world by transferring meaning from one domain to another and commonly 

communicate their thoughts and feelings to others through such metaphors (Lakoff & 

Johnson, 1980, Ortony 1993, Zaltman, 1993). The original ZMET format was shortened, by 

asking the participants to look for 3 images they associate with AI, instead of 10 images, as 

was instructed in the original study (Schneider and Sting, 2020). The second and third part is 
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a guided imagination where I ask the participants to close their eyes, to relax, and by doing 

so, focusing on their imagination and inner world. In this state, I ask them to imagine, in their 

professional context, what their first images & thoughts are when they are directly confronted 

with AI in their work. The third part is a deepening of that scenario, where I ask what kind of 

adoption tools they would need to make the transition of AI-integration in their work 

successful.  

The interview started with discussing the visual images the participants collected. During this 

part it was interesting to hear how the participants arrived at their image choices – it 

uncovered their influences, associations on AI and their understanding of AI. It provided a 

nice pointer to understand how engaged the participants were with the subject matter. The 

second part, which was an imaginary dream-telling exercise (Mick & Fournier, 1998), started 

with the sentence: AI is.. and by doing so, capturing the gut sentiment participants have 

towards AI. After this sentence completion, the participant was guided to imagine scenarios 

where she/he was confronted with AI. The degree of impact would reveal the perceived 

dynamic the participant had towards AI. The structure of the interview revolves around 

associations, the-self in relation to AI, external influences and sense making.  

 

4.4 Data analysis 

The interviews were recorded via Zoom, resulting in audio- and movies files that were used 

to make verbatim/intelligent transcripts. During the interview, the laddering probing 

technique (Sting & Schneider, 2020) was used extensively to make sure the participant really 

agreed with her statements. By asking the first initial question and getting an initial response, 

a second question was asked to let the participant either elaborate or confirm her thoughts, 
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purposely having the participant reaffirming her answers. All 16 participants gave their 

permission to have their interviews transcribed and their collected images to be used in the 

analysis. This resulted in 675 minutes of recorded interview minutes, 166 single-spaced 

pages of text and 39 images. Out of the 16 participants, 3 of them forgot to collect the 

images, in those cases we improvised by asking the participants to describe the images and 

metaphors they envision when talking about the subject. These descriptions were categorized 

as textual replacements for the images. For the analysis I used the qualitative software 

MAXQDA Analytics Pro 2020 (version 20.4.0, VERBI GmbH Berlin). Grounded theory’s 

three step procedure was applied to analyze the data. In the first stage, the open coding stage, 

the goal was to stay as close as possible to the data, so the coding style was in vivo, meaning 

to identify excerpts of text that became the literal codes without filtering. One interview 

delivered on average, 80 codes, resulting in approximately 240 codes for every three 

interviews. This amount was so large that I had to divide the codes in smaller batches of 80 

codes to make initial groupings, performing continuous comparison in between. By doing so, 

in iterative cycles and incremental steps, sorting and grouping the codes into tentative 

preliminary first-order categories. When adding new codes, these were analyzed and 

compared whether they fit the emerging categories. With new patterns and commonalities 

emerging, the whole code structure would be reviewed to see if adaptations were needed. In 

the next step, the first-order categories were linked to a second-order category that represents 

the overarching logic or meaning of the group. I performed continuous reviews to check 

whether the first-order categories were still consistent and logically linked to the second-

order category. If not, either the code that deviated too much from the overarching theme 

would be removed, or the second-order category would be renamed to better suit the 

underlying meaning of the codes altogether. The next step was Axial Coding where the 

second-order categories were grouped together and distilled into overarching 
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themes/concepts that could be linked back to theoretical ideas such as perceived usefulness 

from the Technology Acceptance Model (Davis, 1989).  

 

In a peer review cycle with a fellow researcher, we critically reviewed the most recent data 

structure and removed redundancies by dismantling some First-order categories or merging 

them with existing First-order categories. After that step we reviewed the Second-order 

categories and proposed new labels that better captured the underlying meaning of the First-

order categories. New patterns such as self-assessed knowledge, general emotion and reactive 

emotions emerged. Table 4 shows the code structure. Figure 3 shows and overview of all the 

collected images. Figure 4, 5 and 6 are constellations of the grouped images featured with the 

statements of the participants. The images carry a number that refers to the participant.  
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Table 4: Code structure 
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Figure 3: Visual mapping images – overview 
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Figure 4: First images  and statements  
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Figure 5: Second images  and statements 
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Figure 6: Third images  and statements 
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5 FINDINGS 

The concept of Artificial Intelligence, had since its dawn in the 1950’s, sparked intrigue and 

curiosity. AI is a class apart from other technologies, also due to its solid embedment in 

culture, movies and science fiction. What is it that shapes our perception towards Artificial 

Intelligence? The findings will be elaborated guided by the structure of the interview format. 

 

5.1 Images & associations 

Asking the participants to collect 3 images that they relate/associate with AI proved to be an 

effective tool to gain an initial understanding of the level of engagement of the participants 

towards AI and where they derived their associations from. Thereby also unearthing their 

first assumptions and attitude towards AI. During the discussion of the images, the participant 

would explain how she arrived at the chosen images. During this process, she would mention 

referrals, movies, anecdotes, personal stances, influences that informed the level of 

engagement. 

 

5.2 Patterns 

100% of all the participants explained that they collected their images by using Google. Out 

of the total images/associations, pictures with robots were collected 8 times, accounting for 

20% of the total images, or 50% of the total participants who associate AI with robots. 

During the first round, pictures with robots appeared 6 times, which accounts to 37,5% of 

participants that had robots as first choice of association. Pictures displaying data were 

collected 6 times, accounting to 15% of the total images, or 37,5% of all participants 
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associate AI with data. Data was often mentioned in conjunction with network, programming 

and codes. Self-driving cars are shown or mentioned 4 times, accounting for 10% of the total 

images or 25% of all the participants. Figure 4, 5, 6 show different dimensions the 

constellation featuring statements and expressions from the participants. During the 

discussion of the images, participants fluctuated with their emotional expressions, depending 

on the type of image that was being discussed.  

 

5.3 Themes and their interrelations 

After analyzing, reflecting and reviewing the data with a fellow researcher, the following four 

themes emerged: Current Perception, Cognition, Emotion, Perceived Usefulness. The 

following sections will elaborate on these themes. 

 

5.3.1 Current	Perception	

Perception/Attitude describes how the participants position AI in their world view. The data 

shows that this positioning has both stable and dynamic dimensions. It is composed of the 

following second-order categories: prior associations, exposure and self-assessed knowledge. 

The first two categories refer to instances when participants mentioned direct referrals to 

metaphors, movies, books, images, associations. Self-assessed knowledge refers to the 

instances when participants elaborated their perceived functionality ‘how AI works’ – this 

helped them in their sense-making of what AI means to them, in their own context. 

The data shows that popular media is significant in when explaining the images: 
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‘..It's a movie.. called Ex Machina...I love that movie.  […] That could be why.. so usually 

when I think of AI.. I Sometimes think of her. So that was one association that quickly came 

up to me. And also just ..cause I liked the movie. And I think that it asked a lot of very good 

questions about AI as well our attitudes and treatments towards AI.. So this film as a 

discourse towards AI in general is great. I enjoyed it.’ 

Alison, 33, Graphic Designer  

 

Ex Machina, 1st Image choice of Alison 

“I know that Facebook ... they collect quite a lot of data ...  You can 

definitely call that Big Data. […] Yeah... Facebook... it collects the habits of 

users... the daily habits of users... and every habit or activity of the users is 

stored and that happens to everybody, every day... and so because of this 

you get Big Data.” Kiko, 38, Engineer (electricity).  

Kiko used a systemic way to make sense of AI. He associated with Facebook, which 

aggregrates data, leading to Big Data, and it’s through Big Data, AI capabilities can be 

achieved.  
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Robots was one the most mentioned direct recalls when participants discussed how they 

arrived at their image choice: 

“We see a robot here...because the first thing I had to think about was 

robots.” Mitchell 

“I see some kind of robot... and I see all kinds of connections that remind 

me of.... Yes... Artificial Intelligence and AI and stuff....  One of the reasons 

I picked this picture was just that association with robots.”  Sandy, 35, 

Communication Specialist 

 

 

Robot, 1st Image choice of Mitchell 

But also well-known innovators who are known for high-tech innovations are mentioned, by 

Esther: 

“Well, the first person I thought of...was Elon Musk! He popped up first in 

my mind. I was reminded of those self driving cars...and in my 

opinion...nanochips.... And I also got to thinking about technology that is 
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way ahead of the curve. You also have no control over it.... You can't 

predict if the computer is doing - what it's meant to do... because 

technology has no emotion..”  Esther, 42, owner grocery store 

 

 

Elon Musk, 1st Image choice of Esther 

By discussing the images, the participants revealed their level of engagement and depth of 

knowledge on AI, but also expressed prior exposure or interest: 

“Yeah, I know. I think I have always been positively inclined to technology. 

And that has a lot to do with growing up watching Sci-Fi..  Cause I used to 

be into Dokter Who.. I liked Star Trek.” Alison 

The quote above also reveals the associations the participant has with AI – referring to 

popular science fiction series such Doktor Who and Star Trek. Rob, made a recall to the 

famous event when Grandmaster chess champion Kasparov played chess against IBM’s 

Watson and lost:  
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“That's a chess grandmaster... who went to play chess against the 

computer? IBM. They had already developed Artificial Intelligence. a lot of 

computing power. In 1997. And he just lost to the computer.”  Rob, 44, BI 

Analyst/ Data scientist 

Another strong indicator of prior interest is when the participant mentioned joining particular 

events or course related to AI: 

“Occasionally I also follow webinars ... also with K. (spouse) about Artificial 

Intelligence and I also know someone ... who is a doctor… who work withs 

with Artificial Intelligence ... Radiology. That's very interesting for the 

healthcare sector, that you use that (AI) too. And also because of the 

training I took in Data Science. ... I have also been to events focused on 

Data Science. Then you hear from companies what they are doing.”   

Rob, 44, BI Analyst/ Data scientist 

The direct environment whether it’s the job, friends or family was mentioned as explanation 

as why the participant had certain insights on AI:  
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“Yes. At the Bijenkorf. I work as a digital content creator and we work a lot 

with marketing software, and this was a module (about AI) that I learned 

the other day.”  

Lenny, 22, Social Media Executive 

But also, direct influence like for instance the partner working in the field: 

“So for work I had to learn about it (AI)... then I learned about the 

recommender system. So that's personalization... and my boyfriend is a 

data analyst! He works at KLM as a data analyst.... haha... very 

occasionally he tells me about his projects...”  

Lenny 

Participants expressing their current level of knowledge, describing the basic functionalities 

of AI helped them in their sense-making of AI: 

“I am not quite the academic. I'm not. Alright. It’s that I do know one thing: 

AI as we know now, is that sort of still kind of like a black box.. In a sense. 

But they work very similar with like on and off and neurons because we 

know the parts of the AI.. But even though we put them together, the 

speed they process and how they make the decisions is so quick and fast. 

And that's really fascinating to me. So, yeah, I'm sure that comes off as 

like a black box to me at the moment. But I do know that the inside of it is 

kind of like how I would see in this image here...  A lot of things firing off a 

little bit like brain neurons. But it's not... You know, that's just how I 

understand how fast AI can learn and process.”  Alison 

“So when you search for a product on the Internet... it makes sure that it 

always reminds you that you've searched for the product... and that's 

pretty scary..[...] Yeah, you're actually already seeing it in the factories and 
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in the industry you're already seeing it. It's gone really fast in the last 20 

years with the robots. So... People have fewer jobs... And there's only 

going to be more use of that in the future. And in the military as well.” 

Adam, 33, Employee grocery store 

Jargon was also used by majority of the participants and by doing so establishing a certain 

level of knowledge/competence on the subject matter. 

“So AI does predictions... which can predict for example the behavior of 

consumers and shoppers. Yes… that's how I see AI now. For my work I 

also learned more about collaborative filtering. So that is also based on 

AI.”  Lenny 

5.3.2 Cognition	

Cognition is aggregated from the underlying categories Opinions and Reflections and 

describes statements and expressions of participants where they provide objective rationale of 

what their opinion is of AI. These descriptions were mostly focused on the perceived 

operability, efficiency and productivity of AI.  

Opinions 

In some instances, the opinion was supplemented with additional reflection on AI as 

phenomenon, and thereby weighing in the advantages and disadvantages and/or risks. Whilst 

it’s challenging to draw a firm distinction, the difference is that during the cognitive-driven 

statements, there was relatively little expression of sentiment during these instances. This 

base-line opinion seemed to be relatively consistent during the whole interview. 

‘I think AI is a very good development... You can discover certain 

connections that have been overlooked. With AI, you can come to a 
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conclusion much faster and see connections. And if you do the same with 

a human being, then it can indeed take a few years before all that data is 

processed. I really see that as an advantage of AI. But a disadvantage, of 

course, That it can also be used for Defence... that does put it in a bad 

light.’  Reddy, 42, Cloud Architect 

 

“I was thinking about it for a while.... Well ... In general, it (AI development) 

makes me very happy, because I find everything a little bit around 

engineering super interesting. Yeah, I think that's really cool. So yeah, I 

get excited about it mostly. Oh cool... how they came up with that.... Of 

course, sometimes when you start thinking about it too long. Or you see 

some examples happening of course. Then you think: Hey, there are also 

some drawbacks and some negative aspects to it.” Rick, 39, Business 

Developer F&B Industry 

“With robots I think of... yeah... it's very interesting... that they came up 

with something like that. A robot that looks like a human.... Something 

made that looks like a human and can also think and act like a human. So 

that appealed to me the most in the picture.... It's not that it appealed to 

me the most. It's what came to me when AI was talked about ... But I know 

that there's some kind of dark side behind it in relation to people being 

afraid that robots can actually think for themselves and then they do things 

that provides a danger to humans.”  Laura, 33, IT Application Manager 

“Overall I'm fairly neutral. I'm slightly positive about it I think.... I tend to be 

more positive and I'm mostly curious actually... because I can just see that 

in a future a lot of things are probably going to happen. But I don't know if 
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I'll still be around then. And I myself wouldn't necessarily want to have 

myself put on a disc.... I don't have to live forever... but I would still like to 

see Mars colonized, for example.” Sandy, 35, Communication Specialist 

 

Reflection and perspective 

Throughout the interviews, topics such as the impact of AI on society or humanity and the 

ethical boundaries of AI emerged naturally and participants were inclined to share their 

perspective on AI and how they define the ethical boundaries of AI. Participants expressed 

statements that puts AI in perspective, both in a negative and positive way. 

“On the one hand, I do think ... I would be very curious about whether this 

would work. Or I'm actually curious about if this works, if this is possible. 

And it would really be a technological advance. On the other hand, I also 

think it's good that people. don't live on forever, because in that series, it 

also describes certain negative things that can happen. And then I think if 

this really happened it would really not be good for society.... (laughs)... 

Yes, and then at that moment I think of: A person usually wants to do 

certain things because you know that life is finite, that it stops once. 

Because of that, you know that certain things are good…” Sandy, 35, 

Communication Specialist 

“I am optimistic. I'm more optimistic as I am wary of the dark side. But I 

honestly I... Yeah, yeah. I guess I'm only not worried about the dark side 

because .. as of now. AI can only go bad if we continue to feed it bias and 

stuff and that's all of us humans. But I really think that as humans at the 

same time are aware it and can tackle it and that should not overshadow 
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what positiveness it brings. I think that's more what I wanted to say, I 

acknowledge that there are still some dark.. some gray areas that people 

are anxious and worry about, but I do believe us humans can have the 

ability to resolve this. And..not let it overshadow the positive things AI can 

bring.”  Alison, 33, Graphic Designer 

The human versus machine dynamic also occurred naturally where participants would 

express how they perceive the dynamic between humans and machine. 

“I don't see it as a threat... of course it is, because you lose your job 

potential... but I also see it as an opportunity to develop yourself better, 

thinking: Oh yes, we humans, we have to become better than AI...” Casey, 

32, Recruiter  

“What a robot does is standard. But when a human does it... there is 

passion, love and emotion involved. The human can control that.” Esther, 

42, Owner Grocery Store 

“And so the AI presents a result and the human can then make the 

decision and accept the AI's proposal.” Henry, 45, Lead ML Scientist 

Ethical boundaries of AI-development emerged naturally as talking points as well, expressed 

by several participants: 

“No... that's going too far for me... that's going to be too scary. Then it 

would really look like a human being...” Esther, 42, Owner grocery store 

“I believe this is possible as long as we can handle AI well and we have 

good AI leadership. […] So if you as a human being know how to control 

AI well... then I really see a lot of possibilities. […] But at the same time, I 
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have one very important indispensable principle, and that may be because 

I work in this field: AI does need to be done in the right way, and that 

humans remain in control... so human-centric AI.”  Henry, 45, Lead ML 

Scientist  

5.3.3 Emotion	

Emotion refers to statements throughout the interviews that carried an emotive component. 

Some participants expressed for instance emotions when discussing their initial thoughts on 

AI. Or when they were asked to describe their immediate responses when they are confronted 

with an immediate AI-integration in their jobs. In most instances, the participant would 

describe a certain sentiment – either positive or negative, which was reconfirmed by a second 

probing question or a direct question which emotion the participant felt at the moment of 

discussing the topic. The data shows that with some participants, the emotions were 

malleable and fleeting and are strongly related to the image being discussed. For instance, 

with Diana, her base emotion towards AI was intrigue and fascination. But when discussing 

the second image, the emotion skewed more towards negative, expressing a certain 

disapproval and rejection. The following two quotes are from the same interview over the 

course of discussing the images. At the start of the interview: 

“I am very intrigued, because I do find technology very interesting. 

Technological developments. Yes, it's a very interesting creation of man. 

Man is just trying to reproduce himself or actually play God.”  Diana, 42, 

Service Designer  

When discussing the second image: 

“Especially a lot of anger and injustice? And astonishment: How can you 

be so stupid and also shift your responsibility to Artificial Intelligence, to an 



 42 

 

algorithm? We don't know how it can be done and we can't do any human 

intervention. That's what I find harmful.” Diana 

Esther’s emotions also were influenced by the images we were discussing. When discussing 

the second image she felt threatened by the idea that data can potentially lead to more risks: 

“I was thinking about data...so I guess I had used data ls keyword too...and 

I came across these images. End it did appeal to me. I have to think of a 

lot of data. A lot of data. And that's dangerous at the same time... because 

you can be hacked.... Or you get those phishing mails. People also lose 

their pricvacy...”  

She continued she learnt about this by having watched The Social Dilemma: 

“Still pretty uncomfortable. Kind of uncomfortable. But you have no other 

option... it's also really convenience. We've all gotten used to it.  I also saw 

The Social Dilemma the other day.” Esther, 42, Owner grocery store   

When discussing the third image, her mood lifted when she showed a picture of the cartoon 

serie, The Jetsons:  

“To The Jetsons! To my mind, this is what the future is going to look like.... 

Everything will be very modern, with lots of modern gadgets ... I think we're 

going to go towards The Jetsons too.... I think it's going to happen in steps. 

AI is not so bad....”  Esther 

With the participants who displayed more malleable emotions, similar patterns were 

observed: depending on the associations, the emotions towards AI fluctuated from positive, 

enthusiastic to fearful and cynical. But the data also shows that there were participants who 
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remained relatively consistent with their emotive stance, take for instance Mitchell, the 

baseline emotion remained quite stable throughout the interview. At the start of the interview: 

“It's a new technology. It will be interesting to see how it will develop.... It's 

also kind of hard to predict where it will eventually lead... this new AI 

technology... but I'm curious....” Mitchell, 40, Researcher  

During the closing, when asked to Mitchell: “With you, it seems like that ambiguity isn't really 

there... is that right?”  

“Yes. I can't think of a reason very quickly why I should see AI as a threat 

or negative. 

Mitchell, 40, Researcher  

When inquiring about the response on the involuntary AI-integration, all participants desired 

clarity, adequate information and communication and sustained guidance:    

“And I am like, wait, how does it work? So question one: how does it work? 

Where is it. How do I activate it?” Alice 

“I would first observe the AI/Robot.... see what it does... what it does... how 

it does the tasks... and also adjust it of course if possible. But for sure first 

watch what it does...” Esther 

“Understanding what the impact is on my work and then how quickly I can 

learn it.... 

If I need it (the AI system) to perform my job, so I need to know it. So then 

would look of how fast I can learn it.” Sandy  
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5.3.4 Perceived	Usefulness	

Perceived Usefulness as overarching dimension links back to Davis’ Perceived Usefulness 

(Davis, 1989), which is the extent the participants believe AI will help them perform their job 

better. This theme is derived from the underlying categories Perceived division of labor, 

Perceived future use/ benefits, Perceived future use in practice, and these categories refer to 

statements, expressions from participants describing their perceived use and benefits, 

usefulness of an AI-system and also their perceived division of labor between themselves and 

the AI-system. These categories became apparent during the third part of the interview, 

where the participants were asked to imagine a scenario where they would be confronted with 

the immediate integration of AI in their job. The interview was designed in such way, that 

participants had a blank canvas to draw up the scenario that came to their mind. This allowed 

the participants to express all kinds of scenarios, ranging from potentially fear-driven to 

empowering. It was surprising to unearth that almost all participants, with exception of 3 

participants, immediately drew up scenarios where the AI is in place to support them in their 

performance or relieve them for aspects in their job they personally find burdensome or 

tedious.  

“And instead of me having to try to analyze everything myself...  that AI 

does it for me.” Mitchell  

“It's getting easier for me. All the heavy work I can have the robot do....  I 

have to lift heavy packages.... So, if the robot can do for me…”  Esther 

“I will say that AI will help me go through the problems that users get and 

that that AI will solve it for the users.... And also provide them with 

immediate feedback by doing so. I also immediately think of: Well then I'll 
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never have to change people's passwords again... because then AI can do 

it for me... and that I'll get an update of what was done.”  Laura 

Two out of the 16 participants expressed initial concern, but Adam mitigated that by drawing 

a future scenario where AI would possibly relieve him from tedious aspects of his job. 

“I would think though... as long as he doesn't take my job away.... Yes... I 

can see myself collaborating with it as well....[…] And... yes, it will of 

course be able to lighten your work as well.” Adam, 33, Employee 

grocery store   

Jennifer remained skeptical, but did accept the AI-integration, as part of a business decision: 

“Because I don't want to cancel this on the first, like I don't want to deny it 

just outright before knowing why. Because when businesses implement 

something new.. There is a need behind it or at least there is something 

causing this. So I want to understand why we need this in our workplace. 

Before forming any opinion or emotions of it. […] I don't feel good about it. 

I feel like my mind goes to this scenario where I have to.. What do you call 

this? I have to enter this race with the machine where I constantly have to 

update my intellectual levels and my skills. So that I can catch up with it.”  

Jennifer, 33, UI Designer 

 

 

Independent of their personal stance, participants would accept the AI-integration as a given. 

Independent of the extent of perceived usefulness, all participants expressed that adequate 

communication and information and sustained guidance during and after the transition period 

were vital for them to accept the AI-integration. 
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6 Discussion 

 

6.1 The Concept of Self 

William Purkey (1988) stated that ‘self-concept may be defined as the totality of a complex, 

organized, and dynamic system of learned beliefs, attitudes and opinions that each person 

holds to be true about his or her personal existence.’ These interactions help individuals form 

a perception of who they are based on expectations from, and responses to, their social 

environment. Our perceptions are stimulated by internal and external factors. These factors 

can create emotional responses, which affect our style in adapting to new situations —they 

guide individual behaviors. Throughout the interviews, a salient pattern of participants 

defining theirs Concept-of-Selfs against AI emerged. Topics such as the dynamic of the Self 

versus AI emerged, but also discussing the ethical and moral boundaries emerged naturally. 

AI is a distinctive class of complex technology that triggered reflection on moral and ethical 

principles, but also the sense of self; where do I stand versus AI?  The interview data also 

shows that determinants such as self-assessed knowledge, a self-favorable division of labor 

between AI helped participants to feel more in control against AI and less threatened. 

Participants were both intrigued and excited by the idea of AI and the possibilities, thereby 

often referring to articles, series, documentaries they have watched that covered AI or science 

fiction as a topic. When discussing the images, participants expressed both approval and 

judgement, depending on the image that was being discussed.  

 

The emotions during this part fluctuated depending on the image being discussed. 

Interestingly, the participants who were the most critical towards AI development, were 
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almost most conscious and vocal about the role of humans in the deployment of AI. 

According to these participants, the technology self was regarded as neutral and in service of 

the makers behind it.  

 

When arriving at the third section, where the participants were asked to imagine a scenario 

where AI-integration is taking place, all participants constructed a scenario where AI is 

beneficial to them, empowering them in their job or relieving them for tedious tasks. All 

previous cognitive stances dissolved and a utilitarian frame (Sting & Schneider) was adopted. 

Throughout the interviews, AI as phenomenon seemed to enjoy a certain status in which 

rejection or caution was a faux-pas.  

 

6.2 Sense of Self, self-efficacy and self-perceived control 

During the interviews there was a consistent pattern of the participant constantly calibrating 

her sense of self against the perceived meaning of the technology.  

This underlying dynamic was constantly being calibrated, either implicitly through 

descriptions of the perceived favourable division of labor, the perceived use and benefits of 

AI that’s in favour of the participant and/or by putting the impact of AI in perspective. The 

interviews revealed statements and expressions of the participants that showed an underlying 

dynamic that was continuously being recalibrated and the threat to be assimilated by AI 

(technology) (Mick & Fournier, 1996) was being mitigated by remaining superior to the 

technology. Throughout the interviews, topics such as the impact of AI on society or 

humanity and the ethical boundaries of AI emerged naturally and participants were inclined 

to share their perspective on AI and how they define the ethical boundaries of AI.  



 48 

 

 

6.3 Towards an enriched understanding of user acceptance behaviour 

This study was driven by the research question what the emotional perception is of working 

professionals towards AI, and whether perception plays a role in the user acceptance. This 

study unearthed subtleties, erratics and paradoxes in human behavior that might have escaped 

the rigidity of Likert scales.  

 

The distinct status of Artificial Intelligence offered the opportunity to explore how users 

perceive a technology that had been embedded in culture and surrounded with controverse 

and hype. Mick & Fournier (1996) argued with their study that consumers experience 

paradox in their consumption of technology. This paradoxical stance towards Artificial 

Intelligence was very salient within the whole study: participants experienced excitement and 

intimidation at the same time, incompetence and competence. Discussing the topic triggered 

introspection and reflection, participants inclined to draw a boundary what they are able to do 

and machines don’t. There was a continuous dynamic or movement that participants 

recalibrated their stance towards AI, in order to feel competent enough to accept the 

technology. This dynamic seems to be driven by emotions and then, to rebalance back to 

base-line, defused by cognition; defusing the threat.  

 

Human perception is an intertwined concoction of external stimuli, inputs, emotion and 

cognition. The cognitive processing of all our sensory experiences elicit emotional responses 

(Brosh et al, 2013) and the results of this study reaffirms that humans experience paradox and 

in particular also towards technology. 
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The model in Figure 7 is the contribution to the user adoption literature: It proposes that the 

current perception affects the self-efficacy/ control on the technology and this being 

meditated by self-assessed knowledge (competence): the more knowledge the participant had 

on the knowledge, the more competent she would feel and this positively impacted Self-

efficacy. Self-efficacy was moderated by prior exposure which could be external influences,  

Figure 7: Conceptual model of user acceptance behaviour 

 

the environment, friends or family leading to increased exposure to the subject, the more 

exposure, the more perceived control. Self-perceived control leads to a more positive 

perceived usefulness. The degree of Self-Efficacy was also moderated by emotion and 

cognition. Emotions were the responses on sensational stories on the threat of AI, initial fear 

responses or the ambiguity around AI, and these were mitigated by a more rational stance, 

that focused on the functional and operational benefits of AI, the cognition. Since emotion 

and cognition are so closely intertwined, this paradoxical stance emerged naturally. 
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Surprisingly, rejection or caution of an AI-innovation seemed to be out of the question to the 

participants; all participants accepted that innovations were part of the job, and seemed to 

accept the necessary adjustments and changes. The outcome of this study seems to All 

participants desired adequate and sufficient information and sustained guidance to help them 

adopt the technology. However, the Perceived Ease of Use or any degree of adaptability of 

the new system was little discussed, and does instigate whether the participants underestimate 

the process of adapting to new systems/ technology, which eventually can lead to 

demotivation and rejection of the new technology. This is a call towards managerial 

initiatives to put focus on supplying adequate information that aids the transition. 

 

6.4 Implications for methodology 

Traditionally, IS Research was approached quantitatively, using rigid measures and surveys 

to ensure rigor. However, recent studies (Baron et al, 2006, Sting & Schneider, 2020, Mick & 

Fournier, 1998) encourage to measure beyond the rigid methods to capture the intricacies and 

erratics of human behavior. Capturing an ambivalent stance (Sting & Schneider, 2020) or 

human paradoxes (Mick & Fournier, 1998) is not a straight forward task and invites for an 

inductive, qualitative approach where these subtleties, deep-seated beliefs are given room to 

emerge. The ZMET method has proven to be very effective as working with images shifted 

the direct focus from the interviewees, whilst capturing their more deep-seated associations 

and emotive responses. By discussing the images, their level of engagement and knowledge 

towards the subject could be gauged and helps directing and adapting the interview to their 

level. The participants indicated they enjoyed the process, and found it involving and 

interesting. The guided imagination exercises, as introduced by Mick & Fournier (1998) also 

has proven to be successful to capture the even deeper-seated beliefs, thoughts and emotions.  
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Participants reflected afterwards that they enjoyed this section as well, as it was so different 

than they had expected and released them from the ‘thinking mode.’ 

 

6.5 Avenues for future research 

This study of course had its limitations that offers promising avenues for future research. In 

terms of generalizability, the intent of this study was to understand whether the emotional 

perception of working professionals towards Artificial Intelligent influenced their acceptance 

behavior. It uncovered a broad palette of thoughts, attitudes, beliefs and values of  

participants. The participants were recruited from the personal network with a small degree 

of snowball sampling (3 out of the 16 participants were referrals). Given the nature of the 

explorative and interpretive approach, it’s challenging to rule out all biases in data collection 

and analysis and nor can the findings be validated statistically (Pratt et al, 2006). Also the 

voluntary nature of the research indicates a positive inclination towards the subject matter. 

Future research should thus seek to increase the robustness of the findings of this study. 

Increasing the sampling size to a large variety of epistemic backgrounds and recruiting 

participants with a neutral stance or inclination will increase the validity of the findings. 

These findings will contribute to extant theories on user adoption theories and by doing so 

striving to support the evolvement of theoretical constructs by proposing new determinants 

that influence the user acceptance and/or adoption of complex technologies.  

 

There is an opportunity for further research into whether a digital native generation (GenZ)  

will automatically embrace and adapt to ambiguous, nascent technologies. Future research 

could focus on different age groups and education backgrounds and demographics. The data 
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provided through image-driven interviews and guided imagination exercises has the potential 

to provide important insights into technology embracement across various epistemic groups 

and could potential support the design of adequate and suiting transition strategies that guides 

into Industry 4.0. 
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